5510 1 CIR T Vol. 53 No.10
2025 4£10 A ACTA ELECTRONICA SINICA Oct. 2025

SETF UL 1T SCR A5 43 SR [
W B SLH

8 ELZ OALZ OBLFENLKRATLS
(1. BRI BHLABE, LRI 43007252, F#RHE KRBT 5ITENL TR R, & 999077;
30 INAR KA A4 B, IR B e 250101)

OE: SRR BRI R SO R B TEA D AR A S IR R AR TERE AR B IR, T E THE
Ay IR PERE . 7 7 3 AR TR A (Y[R B, R4S 78 70 42 S R b T B B e . B0 Ty vkl
R B T 43 P R SR RS B 5T 2 TR B0 75 s A T I 45, 2 B B 4R TRl — W R 7 R 9t 3 46 10 o 445 S g —
b SR XS HMR AL ZWE T R R 2 [ SO s ) DG, R T SR A AR T s AN 2 o X 8 S R T iz
SRR RE ) . I ARSI T P TR L bR SRR i A R R SR R B R A B DR
Tk AU RS ML I 2 (] 1 bR SO H G R A R TR 1 i, OF 5 A 2 TS AL IR — EiE 2 L], LATE
SEJZ B0 1R SCHREE DR I 45 R ) — Bt . AT A D5 AR U R B b DR R A PR R R R IR R R R 2
AN HAES XL, A5 EIEFE T R SCHLUE, JFA X Se ] [ i g ARERY . 9F— 2B 1 s () R 52
H Rl AL (Spatial-aware Interaction Fusion, SIF) , B8 18 22 X305 FE R AL, XA R E 0 RRAE #1758
LR AR IS (BT RE DO L, DA A 0 il 5 AL Y B0 24 2R, SR T ONAR A M M . W) A SR I T £
EIEE R SC—EUE 205 (Cross-View Context Consistency , CVCC) , i i3 VC it 85 & X I8 A 25 (A B &R, AR L0
I 5 DXl 8 T 45 2R T — 380, 3G R SR X B L P SR R R SRR 5 R e RO AR AR AL | R i L
B S A TNVTAG BT £ 5 2 (U PERE A SCHE T [ PR s il & 5 18 I 25 4R A1 Vaihingen 5 Potsdam 32 B IR 1E SLor
FIERAE B T MR LU BT RGO ST . SCIR A R ER ], R L (4 Ty i A 2R ERE L) N A 2 O T A
F U B A BT R RAE AU T — SRR BRI IR R BOE T AT B I R B AR AR SO AT
Vaihingen fl Potsdam $(HE4E 43052 T 6.84% F112.73% (A mloU $E T+, FE43960E T HAEMRFRE S F B9l fE 5
iz ke

SR JERGTE SO M o] L R GBS USRI RS Bl G IR A

EeTIH: EXARRERE(No.62431020)

hESERS: TP751.1 XEkFRIRED: A XEHRS: 0372-2112(2025)10-3744-15
F F 23R URL:http://www.ejournal.org.cn DOI:10.12263/DZXB.20250483

Cross-View Context-Aware Semi-Supervised Semantic Segmentation
for High-Resolution Remote Sensing Images

LU Liang', LAN Jie', LAN Meng’, LU Xian-kai’, ZHANG Le-fei'
(1. School of Computer Science, Wuhan University, Wuhan, Hubei 430072, China;
2. Department of Electronic and Computer Engineering, The Hong Kong University of Science and Technology, Hong Kong 999077, China;
3. School of Software, Shandong University, Jinan, Shandong 250101, China)

Abstract: Semi-supervised semantic segmentation of high-resolution remote sensing images aims to leverage a small
number of labeled samples together with a large amount of unlabeled data for joint training, thereby enhancing the perfor-
mance of semantic segmentation models, as this approach not only significantly reduces the cost of manual annotation but
also fully exploits the potential value of unlabeled data. Existing methods typically divide high-resolution remote sensing

images into multiple sub-views for training, focusing primarily on enforcing prediction consistency under different perturba-
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tions of the same view. However, such strategies often overlook the semantic and spatial relationships between different
views, limiting the model’s ability to learn broader contextual information when labeled data are scarce. To address this is-
sue, this paper proposes a cross-view context-aware semi-supervised semantic segmentation method for high-resolution re-
mote sensing images. The proposed approach explicitly models the contextual interactions among multiple views to im-
prove the quality of pseudo labels and introduces a multi-level cross-view consistency constraint to maintain prediction con-
sistency within a broader contextual scope. Specifically, during training, multiple overlapping views—including a primary
view and several contextual views—are sampled from the original high-resolution image and jointly fed into the model. A
spatial-aware interaction fusion (SIF) module is designed to perform cross-view feature interaction and fusion via cross-at-
tention and self-attention mechanisms. This module generates spatial attention activation maps that adaptively fuse the pre-
dictions from different views, thereby improving pseudo label accuracy. In addition, a multiple cross-view context consisten-
cy (CVCC) mechanism is introduced to enforce consistent predictions in overlapping regions by aligning their spatial corre-
spondences. This constraint enhances the model’s ability to perceive and model cross-view contextual information, mitigat-
ing semantic ambiguity caused by view variations. To comprehensively evaluate the proposed method, extensive experi-
ments are conducted on the Vaihingen and Potsdam datasets provided by the International Society for Photogrammetry and
Remote Sensing, under various labeling annotation ratios. Results show that the proposed method consistently outperforms
state-of-the-art semi-supervised segmentation approaches. In particular, under an extremely low-label setting using only one

labeled image, it achieves 6.84% and 12.73% mloU improvements over the supervised baseline on Vaihingen and Potsdam,
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respectively, validating its superior performance and strong generalization under limited annotation.
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AR L Swin-Transformer-Tiny (Swin-T) NET
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SRR R U FIAR R AR X2k T 75 Il Rk
U AR RN E Ty 12,2, F12, FIIRE N 0.5, FTAT 55
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(1) 1 /R T /£ Vaihingen 055 I, 40UFH I 1,
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AE. ATLIWESE, BT A SR 2 B SRS 1 5 A E AN IRl b
I H R 1 5 2 0 F SupOnly (Supervised-Only , A B
YN  UEBH 5 AR R T Sl X455 R g FAY FR AR 2 i
YEH . bRk G 15k, AR SO k36 81 75.27%
i) mloU . 85.62% ) mF1 . 86.25% I OA F 81.84% I
Kappa, 8 SupOnly 74 Ji 6 b5 344 o #52 F, 73 34
5 1 6.84.4.61 4.49 F1S.91 N EH 43 . AHE T SEUE ik
FixMatch, 4% 3C J5 ¥ 7E mloU . mF 1, OA 1 Kappa [ 43 1]
H65.19.3.76 .3.72 M1 4.93 D1 43 45, TE T A X L5 12
TR IR . JCHAEAE K b i SRR AR A 4
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X R SCfE BRI AR 2 gk bR e AR A
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F1 7E Vaihingen EHEE L5 6 TS T XM LLER AT %

1 5k bR EIR
ik AN K S jEisith TRIEAE B R ) mloU mF1 0A Kappa
SupOnly 73.98 77.94 55.51 68.51 66.24 68.43 81.01 81.76 75.93
FixMatch'!™ 77.94 84.49 51.34 64.88 71.75 70.08 81.86 82.53 76.91
RanPaste!"™ 79.41 86.93 63.58 72.15 66.55 73.72 84.38 85.22 80.78
UniMatch™ 74.36 82.52 55.92 70.01 59.32 68.43 80.85 83.00 77.47
CorrMatch!"™ 74.84 81.06 49.36 66.39 66.85 67.70 80.23 81.29 79.17
SegMind™! 80.18 87.16 55.31 67.53 72.55 72.55 83.63 84.47 79.46
pwL! 79.24 86.86 60.33 71.44 72.60 74.09 84.58 85.57 81.08
CACPS! 78.52 82.91 58.15 70.88 67.59 71.61 83.10 84.25 79.12
ceve? 79.35 83.48 59.30 71.50 68.37 72.40 83.70 84.73 79.83
Ak 80.20 87.56 61.98 7227 74.35 75.27 85.62 86.25 81.84

2 kR S
SupOnly 76.59 82.15 59.51 71.03 70.19 71.89 83.42 84.05 78.97
FixMatch'™ 79.75 87.91 62.34 72.86 74.71 75.51 85.79 86.37 81.99
RanPaste!" 79.45 87.57 60.51 70.94 72.12 74.12 84.83 85.62 81.00
UniMatch! 79.41 87.79 63.53 74.93 73.25 75.78 85.99 86.43 82.08
CorrMatch!™ 78.56 86.97 60.09 71.91 73.15 74.14 84.85 85.45 80.78
SegMind®! 79.58 87.18 58.99 71.13 73.69 74.11 84.79 85.54 80.90
DWL™ 78.35 85.42 62.22 72.92 75.09 74.80 85.36 85.66 81.08
CACP! 78.95 85.13 58.71 70.24 72.88 73.18 84.07 84.55 79.69
ceve® 79.41 85.60 59.03 70.91 73.38 73.67 84.53 85.00 80.21
ASCHB: 80.12 88.59 62.39 73.53 76.27 76.18 86.21 86.72 82.45

4 kbR R
SupOnly 77.82 83.78 64.83 75.19 70.3 74.38 85.15 86.07 81.60
FixMatch!™ 79.07 86.90 65.18 75.54 73.33 76.00 86.18 86.92 82.42
RanPaste!"™ 79.14 86.96 65.61 76.12 72.17 76.00 86.18 87.05 82.59
UniMatch™ 79.69 88.42 65.06 75.28 75.54 76.80 86.67 87.19 83.07
CorrMatch!™ 78.64 86.95 63.49 75.14 73.56 75.56 85.86 86.40 82.01
SegMind™! 79.60 87.52 65.05 75.34 74.23 76.35 86.39 87.09 82.97
pwL! 79.07 86.62 65.08 75.87 74.66 76.26 86.35 86.95 82.66
CACP! 78.01 84.55 64.10 75.25 72.50 74.88 85.30 86.25 81.75
ceve 78.86 86.98 64.35 75.16 73.03 75.68 85.91 86.88 82.06
A 79.82 87.67 65.79 75.66 75.66 76.92 86.77 87.26 83.19
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1 UniMatch (mloU: 75.78% , mF1: 85.99%, OA : 86.73%,
Kappa: 82.48%) 1 DWL (mloU: 74.80%, mF1: 85.36%,
OA: 85.66% , Kappa: 81.08%). 4 x4 R4 384 Jin £ 4 5K
AF, AR SC 7 3k 1 76.92% 1 mloU . 86.77% () mF1,
87.26% ) OA F183.19% I Kappa , 4k ZE45 5 T B AT % L
7 ¥, A FixMatch (mloU: 76.00% , mF1: 86.18%, OA
86.92%, Kappa: 82.42%) HI SegMind (mloU: 76.35%),
mF1:86.39%, OA: 87.09%, Kappa: 82.97%). ¥:iF T 1%
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B2 35K 6 5K, A SC TS VA AR R A T GUSE L 7E mloU |
mF1,0A Fl Kappa I — U i 41 4§ SegMind , UniMatch

TEW B W7k, BE— LR E T A SCH B th 7 P58 1
AN BRE UL B4 5 PSR

R2 FEPotsdam H{IEE L5 6 MM AT XA LR 7%

1 kbR RIS
WiReS ANiZ 7K M T A TRFEAIHE A KR mloU mF1 OA Kappa
SupOnly 67.05 70.51 59.45 61.25 77.67 67.19 80.46 79.69 73.31
FixMatch'¥ 67.71 74.79 65.80 63.01 80.67 70.40 82.60 81.81 76.43
RanPaste!"™! 77.24 85.27 66.51 64.96 91.68 77.13 86.62 85.92 81.67
UniMatch™ 62.84 57.44 62.25 61.47 89.17 66.63 79.36 77.31 70.23
CorrMatch'"! 62.36 65.28 58.41 59.63 80.71 65.28 79.09 77.07 70.16
SegMind™*! 79.46 87.38 68.35 63.98 81.21 76.08 86.14 85.61 81.46
pwr"™ 74.35 77.89 66.80 68.12 90.72 75.58 85.65 84.34 79.72
CACP 75.34 83.12 68.91 65.45 90.55 76.67 86.23 85.78 81.52
ceve 80.83 87.56 67.83 65.58 91.02 78.56 87.35 86.97 83.39
AT 82.16 88.68 70.01 66.78 91.95 79.92 88.49 88.07 84.42

3kpniEEE
SupOnly 78.34 82.91 70.34 71.83 90.52 78.79 87.47 87.06 83.53
FixMatch''¥ 83.87 90.47 73.93 73.27 93.53 83.01 90.62 90.14 87.14
RanPaste!" 83.38 89.71 74.02 73.74 93.17 82.80 90.31 89.73 86.69
UniMatch!™ 84.17 91.31 73.53 7277 94.30 83.22 90.71 89.98 86.71
CorrMatch!"™! 83.96 90.64 72.93 7275 94.09 82.87 90.33 89.83 86.79
SegMind™! 85.30 92.07 74.87 73.27 91.37 83.38 90.75 90.24 87.12
pwi™ 83.71 89.22 73.49 73.38 93.71 82.70 90.27 89.71 86.63
CACP 84.55 91.05 73.15 73.61 93.92 83.26 90.68 90.21 87.05
ceve® 83.82 90.93 73.37 74.39 93.85 83.27 90.65 90.10 87.11
AICTF 84.82 91.48 74.94 74.50 94.12 83.97 91.07 90.63 87.78

(S AREREEEN
SupOnly 82.74 88.77 72.87 72.34 9221 81.79 89.87 89.37 86.13
FixMatch'¥ 84.86 91.55 74.37 73.43 93.12 83.47 90.65 90.28 87.38
RanPaste!"™! 84.20 91.07 74.09 72.97 92.61 82.98 90.43 90.06 87.07
UniMatch!™ 84.26 91.97 73.42 72.10 93.14 82.98 90.35 90.02 87.01
CorrMatch'"! 84.83 9275 73.70 72.79 93.50 83.51 90.69 90.33 87.48
SegMind™! 85.58 9273 75.66 74.64 92.46 84.21 91.03 90.86 88.02
DWL!? 84.69 91.03 74.02 73.92 93.73 83.47 90.70 90.31 87.31
CACP 84.91 92.15 74.12 72.58 93.43 83.44 90.72 90.38 87.41
ceve 85.04 92.66 74.48 74.64 93.62 84.09 90.97 90.74 87.93
AR 86.16 93.26 75.97 74.87 93.94 84.84 91.59 91.30 88.64
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ARG FRPL T A RE
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4 1.50 min, £ DWL ) 1.42 min, ZE{ T SegMind )
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JER L ANTHR% iRt Ranpaste UniMatch SegMind AT
K3 #7315 Vaihingen BUREE (S 1 17255 247) Al Potsdam LR AE (S 317 B4 447) L A1 45 a9 % L
£3  FEPosdam BIBE R T ZMNINGEH B TEELENSHE L
ik TR YN ZRET ] /min GFLOPs ZHRIM mloU/% mF1/% 0A/% Kappa/%
FixMatch'™ 1.36 233.71 36.71 70.40 82.60 81.81 76.43
RanPaste"™! 1.53 311.61 73.42 77.13 86.62 85.92 81.67
UniMatch™! 2.02 545.32 36.71 66.63 79.36 77.31 70.23
CorrMatch'"! 2.12 498.02 38.50 65.28 79.09 77.07 70.16
SegMind®! 6.58 311.62 76.62 76.08 86.14 85.61 81.46
pwr™ 1.42 233.71 36.71 75.58 85.65 84.34 79.72
cAC™ 1.52 277.90 36.71 76.67 86.23 85.78 81.52
ceve 4.10 355.81 73.42 78.56 87.35 87.87 83.39
ARSI 1.50 488.26 37.57 79.92 88.49 88.07 84.42
11 : GFLOPs 3278 ST 1) £ 5 T i (11 s iz S i
A AR SO EAEAE T 1 3R AR I MRS, 76 Potsdam M SEEQ A5 SR WNER 4 7R . W B FEZR I RITE 1.3 Fl 6 5K b

AR IR

OA F1 84.42% ¥ Kappa,
(mloU: 77.13%, mF1:
81.67%) 1 DWL (mloU: 75.58%, mF1:

79.92% ) mIoU . 88.49% ¥ mF1.88.07% 14
R 26 B 3 A8 T RanPaste
86.62%, OA: 85.92%, Kappa:

85.65%, OA:

R R B9 mIoU 43 51 4 67.19% . 78.79% #i1 81.79% ,
mF1 & 80.46% . 87.47% %1 89.87%, OA N 79.69% .
87.06% #189.37% , Kappa F 043 3l 4 73.31% . 83.53%

1 86.13% , 1E Jy %F b i Bl MR BE . 51 A B Lk

84.34% , Kappa: 79.72%) 55 J5 % . &% LTIk, A 3CH ik
FEDRFFVIN 3803 T A2 G s IS B S 880 iy R B, o 2
P 7o EIRG B SRR T AR RE 5 2GR Iy T Y i
HH S HMAE.
4.4 HRRILIE

COASTRIZH A B T8 il S 35 AT . R IR APTA Pir 4
O 1 4 SR e A R BE Y BTHR , AX SCAE Potsdam
By it T ARG RE RS2 8 . 5280 DA FixMatch iy
MBI RL B ABME B S0 — 8
CVCC H17%s [A] 8% 38 L fil A SIF WA AZ 0 A4 . Bk

FixMatch J& , £ W8 b 245 3 3T, mloU 43 31 ik 3|
70.40% . 83.01% F1 83.47% , mF1 }y 82.60% . 90.62% Fl
90.65%, OA Jy 81.81%. 90.14% F1 90.28% , Kappa N
76.43% .87.14% 1 87.38% , Yo UF 1 2 Wi /B HE B2 7E (R bk
AR BT T 1A S .

HE—25] A CVCC R E , AL RR IR A 42 1h]
B A 1A EEME T, mloU. .mF1,0A X Kappa 433
iA%]78.33% .87.23% .86.73% F1 83.03% , FH b2 W it
LRy B FE T T 7.93 .4.63.4.92 1 6.60 1 43 A
T 3 5K A0 6 kAR TEFME T, mloU 343 51 3% = 83.65% F1l
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83.85%,mF1.0A 5 Kappa $5hrt —F 42 55 .

X4k

K], CVCCA Rl 1R Z A I 2 ] SC— Bk

R RE T, A B HAE B AR B SR B A — X
SRATS BE PR3 4 [F] A T .

F4 & Potsdam HHRE X AL T7 i & H B AR B H AR SEIE 7%
e i 1 skpRiE R 3RARTERIR 6 KARTE KR
ot BEE | cvee | SIF
& mloU mF1 OA Kappa | mloU mF1 OA Kappa | mloU mF'1 OA Kappa
v — — — 67.19 | 80.46 | 79.69 | 7331 | 7879 | 87.47 | 87.06 | 83.53 | 81.79 | 89.87 | 89.37 | 86.13
v v — — 70.40 | 82.60 | 81.81 | 76.43 | 83.01 | 90.62 | 90.14 | 87.14 | 83.47 | 90.65 | 90.28 | 87.38
v v v — 78.33 | 87.23 | 86.73 | 83.03 | 83.65 | 90.75 | 90.35 | 87.45 | 83.85 | 90.91 | 90.56 | 87.73
v v v v 7992 | 8849 | 88.07 | 84.42 | 8397 | 91.07 | 90.63 | 87.78 | 84.84 | 91.59 | 91.30 | 88.64

T MRS PR St g 5

5, 76 CVCC FE il 142 pli SIF B, S AL 7 BT A
brid i & T B8 B AEPERE . 1 kbR BT, mIoU
mF1. OA Fl Kappa i#f — 2 4& F+ & 79.92% . 88.49% .
88.07% 1 84.42% ;3 5K 1 6 5K AR MR T, mloU 43l ik
21 83.97% M1 84.84% , mF1 #13 91%, OA FlI Kappa 12 2
B K #h . 3 it W SIF fefg i i 2 > AR R
PhAn 2 Z () 1 25 (B AR G 2R, 1 3 Ny 18 8 P A 45 il
KU, DT — 25 T OO AR 2 e i M 5 ek

25 b, CVCC 1 SIF PSR B 7 S B AL P fE D7 1T
BIRAE T CEER U R EAREREA A ST,
XS RER Y AL RE T () 38 5 AR B N B, e uE i T
Frde it A BRI S A R

(2) R SCHLE R N BT RS . At — 45
R SO B X B R BE A RZ ), AR SCHE Potsdam %X
PAE L AT TR OCHTH RS . SR R AR 15K
39K 6 SRARVE IR 3 Fh B SR BT, e T AN L
IO Nel0,1,2, 31 X2 0K B A g A7 5 FH )
S A5 RN S Fron . Bl bR SO R e N R
i, Bk mloU Z A, mF1,0A il Kappa Y2 32 88 H [R] 25 4 7+

R N = 0B, BRI 2 B JE 2k | £ Tl dE b
TR ARACE (10 15K FRE FEIE T mloU:70.40% , mF1:
82.60% .0A :81.81%,Kappa:76.43). I A 14~ [ F 3CH
&5 , mloU i 4 T} 2 78.01%, mF1 . OA il Kappa 73 %)
FETF % 86.93% . 86.45% F11 83.06%, i B I F 3¢ —E
BLHIA AR T T 2800 X 468 7, g5 T 8K 73 2K 0E
RS k. I E S EEN=2FN=3
B}, mloU. . mF1,0A Fll Kappa Wi  fEN =301k
P A (1 kAR B T mloU=78.57%, mF1 = 87.45% .
0A=86.95% . Kappa= 83.25) ; 3 5k #r i 5 A1 6 5K b 1
BRI S T AT e bRt — 48T . xR0, 1R Seil
P15 f 1 8 N g 40 A 504 S B AE A R4S 1 400 43 T 1
HEARPERE , U IR Kappa $8 bR B FEZLEE T, B0 AIE 1 5 7Y
T 25 35 B AR AR — S0t AR . SR L BESE NV
R, BAE S T 5 020 MB B4 ZE 8 400 MB, #2124
RIEEI LT A% . SRA AR SROR N = 2 FERIEEAL 43
FEIKG E AY TR s, A7 o (249 6 810 MB) 7 1] 252 Y
LR O 5 OR T T AESE B T R T AT

RS TEPotsdam HIREXT L TXMEHE VHH LR

A LSKPRTERI/% 3 5kpRit 5% 6 3ikhri K 5% AT
mloU mF1 0A Kappa mloU mF1 0A Kappa mloU mF1 (0N Kappa H/MB

0 70.40 82.60 81.81 76.43 83.01 90.62 90.14 87.14 83.47 90.65 90.28 87.38 5020

1 78.01 86.93 86.45 83.06 83.17 90.42 89.87 86.80 83.52 90.68 90.33 86.73 6078

2 78.33 87.23 86.73 83.03 83.65 90.75 90.35 87.45 83.85 90.91 90.56 87.73 6810
3 78.57 87.45 86.95 83.25 83.97 91.03 90.65 87.81 84.18 91.15 90.80 87.95 8 400

R s R R A 2

(3) T & X8R A7 L R AT Al S50 . RS 1R Se
&5 = 0 ] 22 T 1 e /DN B 28 DX B R AR AR MR BE 1Y
R AR SCHE N=2 & DL T, 7€ Potsdam B4 5 T 1T
T RGN RS S5 RN 6 TR | SR AE AN R AR TE
B (1.3.69K) F , X kb T &/ & Ll Re {0,25%,
50%,75% ,90% t PR L1 73 )R B . R = 0 Kom~F I
4k FixMatch. B 51 A LR SCHLE, A1 BE 1 25 48
F. MR =25%0F 78 1 kAR EEUR ST mloU .mF 1,
OA F1 Kappa 43 %) ik £ 77.95% . 86.75% . 86.25% Il

82.80%; 24 R = 50% I , X S 45 hn it — 23 T+ 2 78.33%
87.23% .86.73% F1 83.03%, )i I i Ji£ %) T & fiE 05 44 o
N[ BT ) 4 B A2 B, O STF SR o F s i
SCER R, DT 4 1 B2 TP bR 28 T I AR 1A 2 > 1
S Y IE— SN2 75% F190% B, £
THA8 b 0 PE BEHE T IF LR B W T B T 2% . e 13k
bR % 41 F LR = 75% IF, mIoU 4 78.32%, mF1
87.20%,0A 4 86.70%, Kappa N 83.00%: ifii R = 90% I},
B IFHEFR 2 5 K 78.15% .87.00% . 86.50% F182.90% , 14
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WA T R = 50% I OS5 2R, 16 3 5K F1 6 5K bR 1 IR 26 1
TR . T T i S ] AR

AR T L DO E T AT R TUARE L PR
T BRSO R B TR R SUF B

6 TEPotsdamFBEXN F TXMESFMEEE X S L RAVEREER AN : %

R 1 RbR: RS 35k bRTE A 6 kbR KR

mloU mF1 0A Kappa | mloU mF1 0A Kappa mIoU mF1 0A Kappa
0 7040 | 8260 | 8181 76.43 83.01 | 90.62 | 90.14 87.14 8347 | 9065 | 90.28 87.38
25 7795 | 8675 | 8625 82.80 83.16 | 9058 | 89.87 86.78 8357 | 90.72 | 9037 87.40
50 7833 | 8723 | 86.73 83.03 83.65 | 9075 | 9035 87.45 8385 | 9091 | 9056 87.73
75 7832 | 8720 | 86.70 83.00 8352 | 90.68 | 9032 87.31 83.87 | 9095 | 90.50 87.76
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